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ABSTRACT

Modernenterprisetechnologicallandscapesarebeingimpactedbytheincreasingindividuationof
informationsystems(IS).Consequently,theend-usercomputingphenomenonisbeingextendedto
incorporateamultitudeofnascentpossibilitiesfororganizations.Onepromisingavenueencompasses
theuseofbusinessanalytics.Commoncategoriesofenterpriseintelligenceanalyticsaretraditionally
derivedfromactivitypatternsandcollaborativeroutines.Thescopeofthisarticlefocusesonanother
emergentcategoryofanalyticswhichisreferredtoas“enterprisepersonalanalytics”.Thistopichas
beenonlyminimallyanalysedinISandbusinessintelligenceresearch.Thisarticlethereforeextends
understandingbypresentingagridframeworkwhichcomprisesvariouscombinationsofresearch
stakeholderperspectivesandconcerns.Thisframeworkcanbeusedtoguideandcoalescefuture
researchonilluminatinghowpersonalanalyticscanbeusedeffectivelyinanenterprisesetting.
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1. INTRodUCTIoN

Evolution is happening when you are not watching. (Baskerville, 2011)

Asourlives“…becomeimmersedbypowerfuldigitaldevicesandservices,questionsofimplications
for individuals’ lives as well as their social interactions and structures arise… this emerging
fullydigitizedandconnectedenvironment implieschanges to thedevelopment, exploitationand
managementofpersonalinformationandtechnologysystems…”(Mattetal.,2017).Onepromising
technologicaltrendinthisregardwillbetheuseofpersonalanalyticswhichfirstappearedinthe
innovationtriggercategoryintheGartnerhypecyclefortechnologiesin2016.AccordingtoIngelbrecht
andHerschel(2015)“personalanalyticsempowersindividualstoanalyseandexploittheirowndata
toachievearangeofobjectivesandbenefitsacrosstheirworkandpersonallives”.Personaldatacan
relatetobiometrics,personalfinance,socialmediaactivities,healthstatus,behaviours,emotional
states,mobility,interestareasandsoon.Inanincreasinglydatadrivensociety,theemergenceof
personalanalyticshasbeencatalysedby theconvergenceofmobile (newandemergingambient
userexperiences),cloudcomputing,businessintelligenceandsocialtechnologicaladvancements.
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Organizationalinterestwithregardstoenterprisepersonalanalyticsisalsobeginningtogain
traction. Extant evidence highlights how “top-performing organizations use analytics five times
more than lowerperformers” (Lavelle et al., 2011).Personal analytics can empower individuals
withinorganizationstomanagetheirdigitalworkinglivesfromdescriptive,diagnostic,predictive
andprescriptivepointsofview.Whiletraditionalorganizational“intelligencemetricsdeliverabig
pictureofstructures,processes,androles,moredetailedandpersonifiedanalyticsprovideindividuals
withamirrorviewoftheiractualversusdesiredwayofworkandtheresultingpersonalproductivity”
(Dobrinevski,2013).Thispersonalanalyticsphenomenonhasbeencatalysedbyamultifacetedand
amorphousconceptknownasinformationtechnology(IT)consumerizationinconjunctionwitha
numberofpersonal learninganalytics trends(SeeSection3). ITconsumerization in itsbroadest
sensereferstothe“phenomenonofmoreandmoreemployeesbringingtheirownITintothework
placeandusingthesetoolsforworkpurposes”(Harris,IvesandJunglas,2012).This“consumerizing
of thepreviously sovereign territoryof the ITdepartment”has led toamultitudeofbenefits in
termsofinnovation,employeesatisfactionandproductivity(SeeHarris,IvesandJunglas,2012).
InordertoleveragethesebenefitsenterprisesarerespondingtoITconsumerizationbyintroducing
anumberofproactivestrategies.Forexample,inanefforttoreduceemployeemedicalinsurance
costs,organizationsareprovidingtheirstaffwithFitbithealthtechnologywristbandsinaneffortto
promotecorporatewellnessandmotivatehealthieremployeelifestylebehaviours.Healthinsurance
providerssuchasUnitedhealthcarecurrentlyofferthisservicefortheirorganizationalclients.This
employeedataisanalysedbyathird-partycompanycalledQualcommLife.Basedonhowactivethe
employeesare,asmeasuredbytheFitbit,theycanreceiveasmuchas$1500towardstheirhealthcare
services.Similarly,enterprisesareusingemployee’spersonalanalyticsinordertoenhanceoperational
efficiency,strengthenemployeeretentionandrelationships,enhancedecisionmakingandprovide
actionablereports.CompaniessuchasDATISprovideacloudbasedtalentmanagementsoftware
solutionwhichprovidemanagerswithdashboardswhichenablethemtoanalyseemployeedatasuch
astimesheetsubmissions,pendingworkflowrequests,correctiveactionsandsoon.

Whileenterpriseswant thebenefitsof ITconsumerizationandpersonalanalytics, theyalso
recognisetheuniqueriskswhichareinherenttothesedevelopments.Muchresearchpertainingto
personalanalyticsisfragmentedandpresentedsolelyfromtheperspectiveoftheenterprise(e.g.
trackingofemployeemetrics)ortheindividual(e.g.useofpersonaldatatoimprovepersonallives).In
lieuofthesignificantroleinformationandcommunicationtechnology(e.g.databases,spreadsheets,
decisionsupportsystems,datavisualisationtools,cloudbasedsoftware,mobileetc.)continuesto
playinenablingorganizationalpersonneltoeffectivelytocarryouttheirroutinetasks,verylittle
informationsystems(IS)andbusinessintelligenceresearchexistsonhowonenterprisesandtheir
workerscansimultaneouslyandharmoniouslyleveragethebenefitsofenterprisepersonalanalytics
data.Thisisunderstandablegiventheembryonicnatureofthepersonalanalyticsconcept,specifically
inthecontextofanenterprisesetting.Additionally,ithasbeenclaimedthattheISdisciplinehave
largelybenightedtheindividuationofIS(SeeBaskerville,2011)andthedigitisationoftheindividual
concepts.Moreover,thereisanincreasingreluctanceofenterprisesandindividualstousepersonal
analyticstechnologiesduetotrust,surveillance,security,andprivacyliteracyconcerns.Thisisbest
highlightedinthewearabletechnologyfitnessindustrywhereprivacyconcernsarehamperingthe
beneficialimpactofapplicationssuchasFitbit,Jawbone,Fuelband,andNike+.Thisisexacerbated
bywearabletechnologyfitnessproviderswhotendto(ab)useopaque,lengthyprivacypoliciesand
engageinexcessivesharingofdatawithamultitudeofthirdparties,someofwhomarenotlistedin
theprivacypolicy(PrivacyRightsClearingHouse,2013).However,thereissignificantpotential,from
bothorganizationalandindividualworkerperspectives,fortheuseofenterprisepersonalanalytics,
butmuchresearchisneededinorderfortheconcepttorealiseitsfullpotential.Whileseveralauthors
haveproposedresearchframeworksforenterprisepersonalanalytics(Kimetal.,2010;Dobrinevski,
2013;Huangetal.,2015),thesearenotspecificallyISorbusinessintelligencefocused,butrather
provideguidanceonindividualactivitypatterns,personalvisualization,personalvisualanalytics
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andmetrics.Whilesuchframeworksareusefulforspecificcontexts,thereisaneedforadedicated
frameworktosystematicallystudythistopic.Thus,followingacomprehensivesurveyoftheliterature,
wehavederivedaresearchframeworkwhichcanbeusedtoguidefutureempiricalinvestigation.

Thispaperisstructuredasfollows.Section2describestheliteraturereviewmethodology,Section
3providesanoverviewofspecificanalyticaldevelopmentswhichhaveshapedthepersonalanalytics
landscape,Section4providesanoverviewofourresearchframework,andSection5outlineshow
thisframeworkcanbeapplied.Finally,weconcludethispaperinSection6.

2. RESEARCH METHodoLoGy

Ourobjectiveistoportrayenterprisepersonalanalyticsasanemergingresearchareaandprovide
asnapshottoguidefutureresearchanddevelopment.Thus,weconductedacomprehensivesurvey
of the literature inorder toproducea systematicdeductiveanalysisof theconceptofenterprise
personalanalytics(Heyvaert,etal.,2013).Aneffectiveliteraturereviewnotonlymakesasignificant
contribution tocumulativeculturebutalso“createsa firm foundation foradvancingknowledge.
Itclosesareaswhereaplethoraofresearchexists,anduncoversareaswhereresearchisneeded”
(WebsterandWatson,2002).Thefirststepinouranalysisoftheliteratureencompassedthesourcing
ofrelevantresearchresourcesviascholarlydatabasesandmanualsearches.Toensuretheconsistency
andreliabilityofthesearchprocessweusedathreestageliteraturemappingprotocolasprescribed
byKitchenhamandBrereton(2013)tosearch,select,appraiseandvalidatetheextant.Fortheinitial
stage 1,weconductedarigoroussearchof theacademicliteraturewasundertakeninallsubject
areasacrossallyears(until1February2017)usingsevenprominentdatabasestoproducearesearch
resourcesetwhichwasrepresentativeofthecurrentstatusofenterprisepersonalanalyticsresearch:
EBSCOhost,JSTOR,ProQuest,GoogleScholar,PubMed,Scopus,andWebofKnowledge(Table1).

Table 1. Databases accessed, query method, and search results
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Thisselectionofdatabaseswasinformedbythemultidisciplinarynatureofpersonalanalyticsresearch.
Theterm‘enterprisepersonalanalytics’isnovelandnotestablishedasasubjectorthesaurusterm;
thus,thephrase‘personalanalytics’wasusedasakeywordtodeterminehowpaperswerefiltered,and
criteriawereestablishedtoensurethatthepapersincludedforreviewmetthedefinitionestablished
inthispaper.Tosupportthemanualsearch,anautomatedsearchbasedoncitationanalysis(also
referredtoassnowballing)wasperformed.Relevantresearchsourcesidentifiedfromfullresearch
paperswerealsocollated.Next,theresearcherappliedanidenticalsearchandselectprotocolforthe
ISliteraturedomain.All706researchresourceswereimporteddirectlyintoanEndNotedatabase.
UsingEndNote’s‘findduplication’featureseventyduplicateswereremoved.Theremaining628
researchsourceswerefurtherfilteredusingstage2andstage3ofthemappingprotocol.Stage2
selectionprocessesencompassedadecisionmakingprocesstoincludeorexcluderelevantresearch
papersfromthedataextractionprocess.The“finaldecisiontookplacewhentheresearchsources
werereadinparallelwithdataextractionandqualityassessment.Stage3searchandselectiontook
placeinparallelwithdataandqualityextractionfromtheresearchsourcesidentifiedinstages1and
2andcomprisedthreemaintasks:searchprocessvalidation,backwardsnowballingandresearcher
consultation”(KitchenhamandBrereton,2013).

Withastrongfocusontheuseofpersonalanalyticswithinanenterprisesetting,stages2and
3 resulted in the removal of: irrelevant research articles (e.g. analytical chemistry, astrophysics,
mathematics etc.), further duplicates not picked up by EndNote (e.g. surnames and first names
misplaced),materialsnolongeraccessible,questionablesources(e.g.credibilityofresourcecould
notbeverified)andresearchsourceswherepersonalanalyticswasonlybrieflymentionedandnot
themainthemeofthecontent.Intotal563articleswerediscardedwhichresultedinafinaltotal
of56researchresourcesremainingintheEndNotedatabaseforfurtheranalysis.WeusedNVivo
10softwareasameansofsystematicallyclassifyingandrevealingacademicinsightsonenterprise
personalanalytics.Whilewedidnotundertakeagroundedtheoryapproach,followingRitchieetal.
(2003),weusedamultistagehierarchicaldataanalysisapproachcomprisingfouranalyticalcycles
whichincorporatedopenandaxialcodingtechniquesbasedontherecommendationsofStraussand
Corbin(1998).Thehierarchicaldataanalysisprocedureusedwasaniterativeprocesswherebyas
“categoriesarerefined,dimensionsclarified,andexplanationsaredeveloped,thereisaconstantneed
torevisittheoriginalorsynthesizeddatatosearchfornewclues,tocheckassumptionsortoidentify
underlyingfactors”(Ritchieetal.,2003).Theprimaryanalyticalcyclecomprisedaprocessofopen
codingwhichwasusedtoidentifycodesfromtheresearchresourcetitle,keywords,abstractand
content.Astheanalysisadvanced,thecodesandconceptsbecamemoreconclusiveanddefinitive.
Inthisprocess,fifteentotwentycodeswereidentified.

In the secondary analytical cycle, axial coding was used to reassemble the data that were
fracturedduringtheopencodingphasebyidentifyingcausalconditionsandrelationshipsbetweenthe
conceptsandcategories(StraussandCorbin1998).Thecodingprocesscontinueduntilthecategories
weredeemedtobetheoreticallysaturated(StraussandCorbin,1998).Thetertiaryanalyticalcycle
encompassedaprocessoftriangulationandpeerdebriefing.Inordertoconfirmrepresentativeness,
oncethecodingwascompleted,theresultingcodedheadingswerejuxtaposedandtriangulatedin
orderelucidatesimilaritiesanddifferences.Peerdebriefingenabledustouseexternalgroupsasa
“soundboardforfurthervalidatingthefinalsetofthemeswhichemergedfromouranalysis(Schwandt,
etal.,2007).Consequently,the56researchresourceswerefulltextreviewedandcodedtocreatea
researchframeworkasshowninFigure2.Priortopresentingthisresearchframework,weprovide
anoverviewofthesignificantdevelopmentswhichhaveshapedthepersonalanalyticslandscape.

3. NAVIGATING THE PERSoNAL ANALyTICS LANdSCAPE

Personalanalyticsisamultidisciplinaryconceptspanningabreadthofdisciplines.Empiricalstudies
acrossthesedisciplineshavebeguntoexplorehowpersonalanalyticscanbeusedincertaincontexts
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(e.g.usingpersonalanalyticstechnologiestotransformanindividual’sbehaviourtowardsdesired
outcomes).Wediscusstheseinturn.

3.1. Learning Analytics
Learninganalyticsreferstothe“measurement,collection,andanalysisofreportingdataaboutthe
progressoflearnersandthecontextinwhichthelearningtakesplace”(SclaterandMulan,2017).
Thegloballearninganalyticsmarketisforecasttoreach$2.44millionby2019(Infiniti,2015).The
conceptoflearninganalyticscanbetracedbacktotheearly90swheretheanalysisofmarkettrends
usingbrowserandweblogtagsbegantogainprominence(Educause,2010).Theemergenceofbig
data,personalisedlearningonlinelearningandstudentdigitalfootprintssawlearninganalyticsbeing
increasinglyusedtomeasure,compareandimprovetheperformanceofindividualswithregardsto
achievingbetteractivityoutcomes(Norrisetal.,2009).Academicanalyticstoolssuchasvirtual
learningmanagementsystemswererapidlyadoptedbyacademicinstitutionsonglobalscaleinorder
toimprovetheeffectivenessofinstitutionallearningandteaching(Fournier,KopandSitlia,2011).
Thereisevidence(SeeSclaterandMulan,2017)tosuggestthatthesevirtuallearningmanagement
systemscannotonlyenhancestudentlearning,butcanalsomodifytheirbehaviourstowardsdesired
academiceducationaloutcomes(e.g.gradeimprovement,independentlearning,criticalthinking,etc.).
Moreover,extantresearchsuggeststhatlearninganalyticscanbeusedtodesigninterventions(e.g.
earlywarningsystems)foridentifyingatriskstudents(Howard,MeehanandParnell,2016).Learning
analyticstoolsarealsobeingusedbynon-academicinstitutionstomeasureemployeeengagement.
D2LandSAPSuccessFactorsareexamplesofenterprisecloudbasedvirtuallearningmanagement
softwarewhichenablesorganizationstooperationaliselearningactivitiesandaccompanyingmetrics
for coaching/mentoring, professional skill and leadership development, personalised learning
experiences,ubiquitousandimmersivelearning,sociallearningandprovidinglearningasahuman
resourcebenefit.Theultimateobjectiveofthesetypesofenterpriselearningmanagementsystems
istopinpointtrainingneeds,supportemployeedevelopment,improvebusinessoutcomes,maintain
workforceengagementandsustainemployeeretention(Mattox&Buren,2016).

3.2. The Quantified Self
The quantified self, also known as lifelogging or auto-analytics, refers to the increasing use of
technologytocollectandanalysedatapertainingtovaryingaspectsofone’slifesuchasperformance
(e.g.mentalorphysical),inputs(e.g.calories,airquality)andphysiologicalstates(bloodsugarlevels,
mood,arousal).Thequantifiedself-movementalignsitselfwithsimilarconceptswhichhavebeen
proposedbyphilosopherssuchasMichaelFoucaultwhohighlightedtheimportanceofself-reflection
andtheuseofself-knowledgeforpersonaldevelopment(Melanie,2013).Duetothecommercial
availabilityofsensors,“datadescribingourhealthandfitness(e.g.,exerciselogs,pedometerdata)
andevenourresourceusage(e.g.,utilitiessuchaswater,electricityuse)areeasilyavailabletousand
enableustoexploreinformationaboutourselves,ourcommunities,andissuesthatarepersonally
relevantandimportanttous”(Huangetal.,2015).Forinstance,theuseofmobilehealth(mHealth)
andwearablehealthapplicationsforincentivizinghealthbehaviourchangecontinuestogrowatan
unprecedentedrate.Thisgrowthhasbeenacceleratedbyrecentadvancements in ‘smart’mobile
technologysuchascloudcomputing, internetof things, sensors,phones, tablets,wristbandsand
watches.Physiciansandotherhealthcareprofessionalsareincreasinglyadvisingtheirpatientson
themeritsofusingtheseapplicationsashealthmonitoring(e.g.diabetes,heartrateetc.)andhealth
improvementtools(e.g.smokingcessation,weightcontroletc.).mHealthfitnessapplicationssuch
asFitbit,Jawbone,Fuelband,andNike+havebecomeincreasinglypopularwithanestimated25
millionfitnessapplicationssoldin2015(GFK,2015).AwearablecameracompanycalledNarrative
havecreatedasmartcamerawhichispoweredbymachinelearning,takesphotosevery30seconds,
interpretsandtagsemotionsforfacialexpressions.Thissmartdeviceenableschildrenwithautism
toimprovetheircapabilitytorecogniseotherpeople’semotions(Gillametal.,2015).
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3.3. Human-Centric Personal Analytics
AccordingtoLeeandBalan(2014)advancesinmobilecomputing“hasallowedunprecedentedaccess
todeepandenrichedhumancontextualinformation,forexample,mobility,activity,andinteractions.
Thisaccessispossiblethroughsmartphonesthatgeneraterichdatasources,includingapplication
usage(e.g.,socialnetworkpostings,searchhistory,andcallrecords)andphysicalsensingdata(e.g.,
location,activity)”.Currentresearchhuman-centricmethodologiesencompasstheinvestigationoftwo
uniquecharacteristics.Whilethefirstcharacteristic“focusesonhigh-levelhuman-centriccontexts(e.g.
intention,engagement,emotion,attention,fatigue,anxiety,depression,distractibility,mindfulness,
etc.), thesecondcharacteristicsfocusesonflexiblecombinationsof real-timeandhistoricaldata
whichcanbequeriedfordeeperinsights”(LeeandBalan,2014).Examplesofhuman-centricpersonal
applicationsincludeBeWell,Walksafe,EmotionSense,MoodScope,andStressSense.Inthecaseof
StressSense,anapplicationwhichcandetectauser’sstresslevelsbyusingasmartphone’smicrophone
toanalysevocalstress,preliminaryevidencesuggeststhattheapplicationis81%accuratewhenused
indoorsand76%accuratewhenusedoutdoors(Jaffe,2012).Itisenvisagedthatthesehuman-centric
applicationswillbeusedbyorganizationsinthefuturetocreatesmartworkingenvironments(e.g.
workstations)fortheiremployeeswhichcanchangeautomaticallybasedonindividualworkerdata.
Forinstance,imagineascenariowhereastresssensoralertsanemployeeviaadesktopcomputerpop
upmessagetothefactthattheyarereachingtheirsafestressthreshold.Inlinewithcompanypolicy
forthisspecificevent,theemployeemaydisengagefromthestressproducingeventandengagein
stressrelievingactivities(e.g.mindfulnesstechniques,awalk,etc.).

3.4. Sports Analytics
There is strong evidence from the literature regarding the successful transference of sporting
concepts(e.g.peercoaching,metrics,sigmaleanbeltsandsoon)tobusinessenvironments(See
Davenport2014,Liuetal.,1998,Soane,2014).AccordingtoLiuetal.,(1998)“manyorganizations
arenowusingsportinganalogiesandtrainingmethods,toenhancetheperformanceandabilityof
theiremployeesforgreaterefficiency,productivity,andcompanyprofits”.Thereasoningforthis
isthatthesportsindustryisoneofthemostscrutinisedintheworld,wherebytheuseof“analytics
tomeasureteamandindividualperformanceinthesportsworldhasmuchtoteachmanagersabout
alignment,performanceimprovementandbusinessecosystems”(Davenport,2014).Therearealso
commonalitiesbetweensportsteamsandbusinessteamcontexts.Forexample,bothenvironments
canbecharacterisedbyasimilarethosofcompetitiveness,incentives,individualism,camaraderie
andachievement(Peters,1996,DoveyandSinghota,2005,Soane,2014).Modernenterprisesare
inundatedwithanever-endingstreamofdata,technologiesandanalyticstoexploit.Subsequently,there
isemergingresearchwhichstatesthatenterprisescansuccessfullytransfertheconceptofsporting
analyticstechniquesintotheirownworkplaces.Davenport(2014)citesProcterandGamble(P&G)
asanexemplarwhohavedonejustthat.P&Gusesophisticatedsportinganalyticstechniquesinorder
tofocusonthehumandimensioninordertoenhanceindividualandteamperformancessuchas:
evaluatingacrossdifferententerpriseteamcompositionsforvariouscustomerstoidentifytheirstar
employees/players(e.g.+/-players);co-developedbusinesssphereroomsforreviewingandacting
onteamandindividualdataanalyses;embeddedanalystsincloseproximitytoCEOs(e.g.placed
onthebenchwiththecoach)andmostsignificantlyemployeeskeeptrackofandanalysetheirown
performancemetricsinorderimproveonthem.

3.5. Gamification
Thegamificationconceptisrapidlygrowinginpopularityamongpractitioners,businessprofessionals
and academics alike. Leveraging game design elements, gamification is currently being used in
non-gamecontexts toenhanceproductsandservices inorder to intrinsicallymotivatecustomers
towardpreferredbehaviours,enhanceend-users’experiencesandincreaseemployees’incentivization
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andengagement(Deterdingetal.2011;BlohmandLeimeister,2013;SeabornandFels,2015).A
‘Gamification2020’reporthighlightshowgamification,combinedwithotheremergingtrendsand
technologies,willhaveasignificantimpacton:innovation,thedesignofemployeeperformance,the
emergenceofcustomerengagementplatformsandthegamificationofpersonaldevelopment(Gartner,
2014).Fromanacademicperspective,gamificationhasalsoreceivedincreasingattentioninrecent
years(HuotariandHamari,2012;Thiebesetal.2014;SeabornandFels,2015).Thisisunderlined
bygamification’spopularityacrossacademicoutletsintermsofjournalspecialissues,conference
tracks, special interestgroups,workshops,panelsandsoon.Additionally, theappearanceof the
terms‘gamification’and‘gameelements’asmethodswithwhichtomotivateandengageend-users
arefastincreasinginpopularitywithregardstoacademicinquiry(Thiebesetal.2014;Hamariet
al.,2014).Gamificationiscurrentlybeingusedforself-trackingandself-surveillancepurposesand
alignsitselfwelltopersonalanalyticsapplications.Forinstance,gamificationtechniquesarebeing
incorporatedbycompanies suchasNike,FitBit andUnderArmour into theirhealthand fitness
productsandmobileapplications.

3.6. Personal Cloud
Theemergenceofcloudbased-digitaltechnologieshaspresentedmanyorganizationswiththescope
to reinvent how they conduct business (Choudary and Vithayathil, 2013; Demirkan et al. 2014;
Clohessy,ActonandMorgan,2017).Further,asadisruptiveandatransformativetechnology,“cloud
servicesaffecteveryaspectofourlives,beitworking,shopping,orwatchingmovies”(Benlianet
al.2016).Investmentsincloud-baseddigitaltechnologiescontinuetoriseasevidencedbyarecent
surveyconductedbythesocietyforinformationmanagement(SIM)whichhighlightedhowcloud
computingconstitutedoneofthetopfiveITinvestmentsmadebyorganizationsin2015(Kappelman
etal.2015).Thepersonalcloudisthe“collectionofcontent,servicesandtoolsthatusersassemble
tofulfiltheirpersonaldigitallifestyleneedsacrossanydevice.Eachuser’spersonalcloudisunique
andevolving,astheuser’sdailyneedschangeandasvendorsandproductscomeandgo...Looking
forward,weseecontinuedupheavalandchallengesfromtheblendingofpersonalandcorporate
digitaltoolsandinformationwithineachuser’slife”(Kleynhans,2015).Thisnewconcepthasbeen
shapedbytwotechnological trends: increasedintelligencecapabilitiespertainingtotheenduser
experienceandincreasedaccesstopersonalinformation.Forinstance,Googlehaveincorporated
sophisticatedrecognitionalgorithmstotheirappleiCloudphotoapplicationwhichautomaticallytags
locations,peopleandeventsforpersonalphotostakenonamobiledevice.Futurepersonalcloud
developmentsareexpected tocentreonfourareas:virtualpersonalassistants, IoT,wearableand
secureauthenticationtechnologies.

4. RESEARCH FRAMEwoRK

Theuseofpersonalanalyticsinanenterprisesettingisdifferentfromothercontexts(e.g.private
use).Thishas implications forwhichaspectsofpersonalanalytics shouldbe researched inan
enterprisesettingcontext.Basedonourcomprehensivesurveyof the literature (Section2)we
identifiedfivespecificconcernspertainingtotheuseofpersonalanalyticsinanenterprisesetting
whichwediscussinsection4.1.Theseconcernsaredepictedasonedimensionofourresearch
framework. As enterprise personal analytics involves a number of stakeholders it is useful to
studytheconceptfromdifferentperspectives.Ouranalysisrevealedseveralperspectivesnamely
thatof companies,workersand themodality representing themode throughwhichcompanies
enable workers to use personal analytics. These perspectives are further outlined in section
4.2.Consequently,theresearchframeworkdepictedinFigure2definesatwo-dimensionalgrid
(stakeholderperspectivesandconcerns)whichcanbeusedtoguideandboundfutureresearchin
theareaofenterprisepersonalanalytics.
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4.1. Concerns
4.1.1. Individual Information Systems Architecture
Advancesininformationandcommunicationtechnologiesoverthelast20yearshas“enabledmore-
and-morecomplexindividualIS”(Baskerville,2013).However,thisindividuationofIShaslargely
gone“unnoticedintheISresearchdiscipline,simplybecausewehavetraditionallydefinedthefield
intermsofsocial,organizational,andmanagerialrelations”(Baskerville,2011).AccordingtoHarris,
IvesandJunglas,(2012)“ITconsumerization,ortheadoptionofconsumerdevicesandapplications
intheworkforce,ispervasive.Employeesbringcomputertabletsandsmartphonesintotheworkplace
andharnesssocialmediaapplicationsandspecialpurposeappsfortheirworklives”.Figure1depicts
atypicalindividual’sinformationsystemarchitecture.Theverticalarrowsrepresenttwoworksystems.
Thefirstistheindividual’sworksystemasanemployeeandtheotheristheindividual’spersonalwork
system.Thesesystemsarefacilitatedbycloudcomputingtechnologieswhichproduceandconsume
services.Baskerville(2011)opinesthattheISdisciplinecannolongerignorethisphenomenafor
the following reasons.First, individual IS represent themost recent frontier for thecomputer IS
design.Second,theyarecomplicatedanduniquesystemswhichcrossboundariesbetweenpersonal
life(e.g.socialaspects)andworklife(e.g.organizationalaspects).Third,thesesystemsmerelyjust
storedata,individualsare“activelycollectingdataandprocessingitintoinformationforvarious
purposesandfeedingitoutward”(Baskerville,2011).Thedearthofbusinessintelligenceresearch
intotheindividuationofISleadstoanumberofpossibleenterprisepersonalanalyticsarchitecture
researchquestions(seeTable2).

4.1.2. Knowledge and Intellectual Property (IP)
Themaingoalofanybusinessanalyticsinitiativeisknowledgediscovery(Piatetsky-Shapiro,2007;
Chenetal.2012).Businessanalytics involves“acquiringnewknowledge throughananalysisof
dataandinformationinitsinformationassets,andemployingknowledgetodevelopandimplement

Figure 1. A typical individual’s information systems architecture (Baskerville 2011)
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value-creatingcompetitiveactions”(Sharmaetal.,2010).AccordingtoRuckenstein(2014)“personal
analytics is firmly rooted in the externalizationof ‘nature’ as something that people are able to
transform.Itisnotenoughtohaveamoretransparentviewofoneself,oneneedstorespondtothat
knowledgeandraiseone’sgoals.Withtheaidofdigitaltechnology,thetrackingandmonitoringofthe
self,optimizationbecomesnotonlypossible,butalsodesirable”.Inanenterprisepersonalanalytics
context,wheretheindividualworkerpersonalanalytics’dataisseenasaninformationasset,themanner
withwhichknowledgeandintellectualpropertyismanagedbecomesofparamountimportance.For

Figure 2. (I) A multi-concern, single perspective study; (II) A single-concern, multi perspective study; (III) A single-concern, single 
perspective study

Table 2. Research framework to study enterprise personal analytics and example questions

Concern Company Worker Modality

IISArchitecture

Whatreferencearchitectures
aresuitableforcreating
productiveandinteroperableIIS
architecturesforworkers?

Howtoeffectivelydevelop
aflexibleIISarchitecture
whichcontinuously
facilitatesworkerlearning
andimprovement?

HowcanIISarchitectures
contributetotheteams’
andcompany’soverall
goals?

Knowledge&IP

Whatpoliciescanbeputinplace
forscenarioswhereworkers
requestaccesstotheirpersonal
analyticsdatawhentheyleavethe
company?

Howcanknowledgebe
createdandanalysedina
meaningfulwaybyworkers?

Whatdigitaltoolsshould
beinplaceforeffective
knowledgesharing
betweenworkers?

Motivation&
Remuneration

Whatpracticesshouldbeputin
placetoeffectivelyempowerand
satisfyworkers?

Howcanpersonalanalytics
bemadeappropriatefor
useinenterprisecontexts
-includingforpeople
whohavelittleexperience
withdata,visualization,or
statisticalreasoning?

Whataretheeffectsof
usingmultipledigital
devicesandubiquitous
connectivityon
individuals’attitudes,
behavioursand
performance?

Information
Governance

Howtominimiseprivacyand
IT-securityissuesforindividual
workersprivatelives?

Whoassumesthe
responsibilityfor
`monitoringandcontrolling
workerpersonalanalytics
data?

Whatdigitaldevice
policiesareappropriate
fordataretention,data
sharingandinterteam
datatransfers.

QualityAssurance
Whoorwhatalgorithmsgovern
theanalysisandpresentationof
personalanalyticsdata?

Whatspecificindividual
workermetricscan
contributeinameaningful
way?

Whatdigitaltoolscan
workersusetoensurethe
effectivesourcingand
subsequentanalysisof
theirpersonaldata?
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instance,whenanemployeeleavesaparticularcompany,questionsarisepertainingto:whoowns
theindividualworkers’personalanalyticsdata?Thecompanyortheworker?Iftheanswertothe
latter,cantheworkerusetheirownpersonalanalyticsdataasameansofhighlightingtheirexpertise
andskillstoprospectiveemployers(e.g.aformofdigitalpassport)?Moreover,doesthistransferof
workerpersonalanalyticsdatamakecompaniesmorevulnerabletocompetitorsemployingcollective
intelligence(e.g.usingcompetitordatasourcestopredicttheirstrategies)techniques?Furtherresearch
isrequiredtodeterminehowcompaniescaneffectivelyimplementarequisitelevelofknowledge
productionversusknowledgeprotectioninanenterprisepersonalanalyticscontext.Thetheoretical
justificationforthischoicehasbeenreceivedempiricalsupport“asastrategicreactiontocompetitive
conditionsmandatingaggressiveuseofbusinessanalyticsforknowledgedevelopmentjuxtaposed
withsubstantialinvestmentinknowledgeprotection(Liebowitz2016).

4.1.3. Motivation and Remuneration
Theultimategoalforanorganizationwhendesigningorintroducinganewdigitaltechnologyor
informationsystemistoensurethatpeoplewillwanttouseit(MarkusandKeil,1994).Motivation
and remuneration are topics which have received significant attention in the personal analytics
literature(Lupton,2014;LedgerandMcCaffrey,2014;Clawsonetal.,2015).Howanorganization
“measuresandrewardsemployeeperformancematters…aligningincentiveswithdesiredbehaviours
inthecontextofpersonalanalyticsuseisimportant”(Mazzei,2017).Forinstance,“mosttraditional
visualization applications focus on supporting expert analysts with respect to their occupational
roles. In a personal analytics context, “employees may look into their data with different goals,
backgrounds,andexpectations(e.g.,internalcontext).However,thevastmajorityofpeoplearenot
visualizationordataanalyticsexperts,soanalytictoolswillneedtobeaccessible”(Huangetal.,
2015).Socialinfluenceandtrustmayalsohavenegativeimpactsonworkersbehaviours(e.g.sharing
information,orcomparingindividualperformancewithpeers).Furthermore,meaningfulindividual
analysiscanonlybeachievedafteranadequatevolumeofdatahasbeencollected.Themedium
throughwhichorganizationsenabletheirworkerstocollectandanalysetheirpersonalanalyticsdata
willasignificantroletoplay.Researchhasidentifiedmobiledevicesandwearabletechnologiesas
majorinstrumentswhichwillfacilitateanenhanceduserexperience(e.g.usefulness)inconjunction
withasubstantialautomationofpersonalanalytics(IngelbrechtandHerschel2015;Mazzei,2017).
Thereisalsoa‘greyarea’pertainingtohowcontinuousself-monitoringofonepersonalanalytics
canimpactworkershealth.Forinstance,“itisconceivablethatpeoplemaybecomeover-relianton
automatedsystemsthatprovideafalsesenseofsecurityandtheycouldalsosufferfromnegative
consequencesofexcessiveself-monitoringbyfindingituncomfortable,intrusive,andunpleasant”
(Piweketal.,2016).Ultimately,organizationsmustdevelopenterprisepersonalanalyticsstrategies
thatinspirelong-termuseamongstworkers.Thelessonslearnedfromthelarge-scaleabandonment
ofpersonalhealthtrackingtechnologieswhichiscurrentlyoccurringamongstusers(SeeClawson
etal.,2015)canprovidevaluableinsights.

4.1.4. Information Governance
Informationgovernanceisdefinedas“asubsetofcorporategovernanceandincludeskeyconcepts
fromrecordsmanagement,contentmanagement,ITanddatagovernance,informationsecurity,data
privacy,riskmanagement,litigationreadiness,regulatorycompliance,long-termdigitalpreservation
andevenbusinessintelligence”(Smallwood,2014).Ultimately,informationgovernanceisconcerned
withcontrolandcompliancewithregardsthetotalityofinformation.Informationgovernancehas
emergedasamajorchallengefororganizationsintoday’senvironmentofbigdata,businessanalytics,
increasinginformationrisksetc.Inthecaseofenterprisepersonalanalyticsthisstumblingblock
maybemoreexacerbated.Thepotentialnexusofparties (e.g.partners,workers, customers,data
pools, cloudandnetworkproviders)encompassed inanenterpriseanalyticscontextnecessitates
robustinformationgovernancemechanisms.Forexample,theprivacyandsecurityofpersonaldata
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generatedbyworkersposeseriouschallenges.Wehighlightedearlierhowsomecompaniesaregiving
theirworkersaccesstowearabletechnologiesinordertoreducehealthinsurancepremiums.However,
theseworkersdonotowntheirdata.Instead,“datamaybecollectedandstoredbythemanufacturer
whosellsthedevice.Beingprovidedwithonlyasummaryofresultsextractedfromthesedatacreates
aratheroddparadoxfortheuser-theyownthedevice,butnottheresultingdata”(Piwek,2016).
Consequently,Table2highlightsanumberofpossibleresearchquestionsinthisregard.Lavelleet
al.,(2011)arguesthatbusinessanalyticsmatureorganizationsderivevaluebyeffectivelyembedding
informationgovernancepolicies, toolkitsandpracticeswhich“alignbusinessneedstogrowthin
analytics sophistication”.This leads to anumberofpromising researchavenueswhich focuson
specificcontextssuchasthemannerwithwhichinformationgovernancestructuresevolveasaresult
ofincreasingpenetrationofenterprisepersonalanalyticsandtheidentificationofspecificgovernance
structureswhicharemoreeffectiveincapturingvaluefromenterprisepersonalanalytics-supported
decisionmaking.Additionally,theremaybeaneedtodevelopsimpleregulatoryframeworkswhich
supportthevalidationofenterprisepersonalanalyticsinitiatives.Weenvisagethatsuchframeworks
couldpossiblypersuadeanenterprisetocollaboratewithinacommunityoforganizationswhohave
avestedinterestinprovidingopenaccesstotheircollectivepersonalanalyticsmethodologies,data
collectionandanalysisprotocols.Similarapproacheshavealreadybeeneffectivelyadoptedinthe
wearable technology industry to ensure reliability of thedevices in conjunctionwith alleviating
securityandprivacyconcerns(Piwek,2016).

4.1.5. Quality Assurance
Personaldataischaracterizedbyunpredictability,highvolume,varietyandvelocityandthevalueof
thisdatatoanenterprisewillbecommensuratewiththedataqualityandthepowerofanalyticsdone
overit(Lavelleetal.,2011).Manyenterpriseshave“reachedapointwheretheirabilitytogeneratedata
exceedstheirabilitytoconsumethatinformation.Theyhavebuiltcapacityforanalyticsproduction,
notinsight”(Mazzei,2017).Theuseofdatavisualizationtools(e.g.Tableau,Raw,DataHeroetc.)
havebeenlaudedasameanswithwhichcanaddressthisdisconnect.However,thereisamarked
distinctionwithregardstoconceptualisingpersonalanalyticsvisualisation.Personalvisualization
“involves thedesignof interactivevisualdata representations foruse in apersonal context, and
personalvisualanalyticsisthescienceofanalyticalreasoningfacilitatedbyvisualrepresentations
usedwithinapersonalcontext”(Huangetal.,2015).Thisdistinctionisimportantasdesigningtools
whichsupportpersonaldataanalysis,particularlyinthecaseofanalyticalamateurs,bringswithit
anuancedsetofchallenges.Forinstance,“manydatasourcesareeasieravailableinorganizations
throughtheirprivateITinfrastructure,soarrivingtomeaningfulresultsmaybemoreefficientthan
itwouldbeforaselectionofindividualswiththeneedtodeploysometechniquesofdatacollection
onmultiplepersonalcomputersormobiledevices”(Huangetal.,2015).Inordertoadvancethe
scienceofenterprisepersonalanalytics,organizationsmust“developmethodsandprinciples for
representingdataquality,reliability,andcertaintymeasuresthroughoutthedatatransformationand
analysisprocess…wherethegoalistofacilitatehigh-qualityhumanjudgement”(ThomasandCook,
2006).Furthermore,newtoolsarerequired“tomakeinsightseasiertounderstandandtoactonat
everypointinanorganization,andateveryskilllevel”(Lavelleetal.2011).

4.2. Perspectives
4.2.1. Company
Thisperspectiverepresentsforward-lookingorganizationswhoarelookingtoadapttoenterprise
personalanalyticsandtheconsequentcomplexityinherenttothismigrationandhowpersonalanalytics
isenablingindividualandteamwork,whileminimisingrisktotheirbusiness.Organizationscanhave
differentmotivationsforusingenterprisepersonalanalytics.AccordingtoDavenport(2014),theuse
ofpersonalanalytics“hasmuchtoteachorganizationsaboutalignment,performanceimprovement
(individualandteam)andbusinessecosystems”.Forinstance,anorganizationmaywanttoincrease
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innovationintheircurrentbusinessprocesses.Theuseofpersonalanalyticscanenableemployees
toidentifyandsuggestimprovementswhichcanresultincostsavings,bettercustomerserviceand
decreasedemployee frustration.Thesenew improvedprocessesandfollow-ondevelopmentscan
becomeinstitutionalizedacrossanorganization.Furthermore,anorganizationmaywanttoleverage
theassociatedproductivitybenefits.Organizationscanderivevaluefromemployeeswhousetheir
personalanalyticdevicestoproductivelylinktoresourceswhileinsideoroutsidenormalworkinghours
andcompanyboundaries.Mostsignificantly,inmostbusinesses,“analyticshavetypicallyfocused
onoperationalormarketingissuesandnotonthehumandimensionofperformance…evenwhen
companiesdoemployhumanresourceanalytics,theirapproachesarenotsophisticatedandhavebeen
appliedonlytoindividuals”(Davenport,2014).Thereisalsoscopefororganizationstousepersonal
analyticsinateamcontextsothattheycanevaluateacrossdifferentteamscompositions.Moreover,
individualpersonalanalyticaldatacouldbeusedstrategicallyatamicrolevelforimprovingteam
performanceatamacrolevel.Davenport(2014)outlinesanexamplewherebycompanieswouldbe
abletousepersonalanalyticstoassessnotjustindividualperformance,butperformanceincontext
whereby organizations can determine how specific teams performs with or without a particular
worker.Thisiscalled“plus/minus”analysis.However,thereareanumberofsalientconsiderations
whichacompanymusttakeintoaccountpriortocommencinganenterprisepersonalanalyticsdigital
transformation journey suchas: identifying thematurity and sophisticationof theorganization’s
analytical capabilities, determining the turnaround time for implementing such as strategy (e.g.
quickwinsvs longer-termgoals)and implementingproceduresforgainingstrongorganizational
commitmenttowardsthenewpersonalanalyticsstrategy.

4.2.2. Worker
This perspective represents individuals who perform roles which encompass responsibilities
withinacompanyforwhichtheyreceiveasalary.Personalanalytics“canbeconsideredadigital
implementationofself-analysispracticesandobjectives…suchdigitalimplementationmayfacilitate
thecreationofnewpracticesandobjectives,whichdidnotexistbefore”(Dobrinevski,2013).The
useofpersonalanalyticscanalsofacilitateamultitudeofbenefitsforworkersintermsof:increased
understanding of how their “significant work” impacts the company’s strategy and goals (e.g.
businessinsight),facilitatingmeaningfulworkingenvironments,enhancingcareeropportunitiesand
improvingjobsatisfaction(Harrisetal.,2010;Harrisetal.2012).Allofthesefactorsarecritical
forretainingandengagingalltypesofworkers.Forinstance,theuseofmoderndigitaltechnologies
inthefaceof“changingcharacteristicsofthegenerationofemployeesnowenteringtheworkforce,
particularlytheirhighlevelsofcomfortwith,andexpectationsabout,socialnetworkingandconsumer
technologies,areseenasvaluabletoolsinattractingandretainingthesenewhires”(Harrisetal.,
2012).Howcompaniesorganisetheiranalyticaltalentinawaythatnotonlyaddressesthestrategic
andoperationalneedsofthecompanybutalsoprovidesopportunitiesforworkerstoderivevalue
fromthepersonalinsightsprovidedisessential(Harrisetal.,2010).However,littleisknownabout
howtodothisfromanenterprisepersonalanalyticscontext.Traditionalenterprisepersonalanalytic
‘semi-automated’approachesleveraged“variouscomputer-basedtoolsandtechniquestoproduce
logsofeventsrelevanttoanindividual.Sucheventsmaybesimpleregistrationofactionsormore
comprehensivemeasurements of various parameters at various moments of time” (Dobrinevski,
2013).However,inlieuoftherecenttrendsdiscussedinsection3,workershavebecomeincreasingly
comfortablewithsharingtheirindiviualmetricsasameansofenhancingtheirproductivity(Smarr,
2012;Dobrinevski,2013).

Subsequently,therearemanyopenquestionsthatwouldbeofgreatinterest.Someinitialwork
hasbeendoneonhowcompaniescanorganisetheirworkerswhohavecompetenciesintheuseof
analyticstoderivebusinessvaluefrombigdataanalytics(SeeDavenportetal.,2010;Harrisetal.,
2010),butweneedabetterunderstandingonhowtobestorganiseenterprisepersonalanalyticsefforts
withintheorganizationatanindividualworkerlevelandwhatcoreanalyticsprocessesthecompany
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mustoperationaliseinordertosupportthis(GrossmanandSiegel,2014).Forexample,acompanycan
enabletheirsalesemployeestousetheextensivedatafromtheircustomerrelationshipmanagement
applicationsinordertoassessandimprovetheirperformance.If,forinstance,themostsuccessful
salesprofessionalstendtospendlessthan10%oftheirtimeonleadgenerations,thenaverageand
lowperformerscanadjusttheirdailyworkroutinesaccordingly(Davenport,2014).

4.2.3. Modality
Modalityreferstothemodethroughwhichpersonalanalyticsisexperiencedbytheworkeroris
deployedbythecompany.Thisisbecominganincreasinglyimportantperspectiveasithasbeen
arguedthata‘intelligentdigitalmesh’,whichencompassesanexpandingsetofdevices,individuals,
informationandservicesthatarefluidlyanddynamicallyinterconnectedtosupportintelligentdigital
ecosystems, is evolvingaround the individual” (Clearley,Walker andBurke,2015).Thisdigital
meshencompassesthefollowingdevicesandtools:traditionalcomputingandcommunication(e.g.
digital,platform,desktop,mobile, tablet),wearable(e.g.healthmonitors,augmentedandvirtual
reality displays), internet of things (e.g. consumer appliances, transportation and environmental
sensors),anddatastorage(e.g.harddrives,cloud,usb).Asthisdigitalmeshevolves,anumberof
importantquestionsemergeinthecontextofpersonalanalyticsmodality.Forexample,howdoes
theuserexperiencefundamentallychangeandwhatdigitaltechnologies,securityarchitecturesand
platformsarerequiredtosupportthischange?Mostsignificantly,theabilityforworkerstousemultiple
modalities(e.g.multi-tasking,contextswitching)effectivelyisseenasasalientrequirementforthe
successfuldevelopmentofacompany’spersonalanalyticsstrategy(IngelbrechtandHerschel,2015).
AccordingtoCzerwinski,HorvitzandWilite,(2004),“informationworkersofteninterleavemultiple
projectsandtasks.Althoughworkersmayswitchamongtasksinaself-guidedmanner,asignificant
portionoftaskswitchingiscausedbyexternalinterruptions(email,andinternalmessagingalerts,
phonecall,calendarreminderetc.)”.Thus,questionswithregardstouser’sexperienceswithrecovery
frominterruptionsandthenatureandthedensityofinterruptionsinapersonalanalyticsmodality
contextareofinterest.

5. USING THE FRAMEwoRK

A nuanced characteristic of our ‘grid’ type framework (see Figure 2) pertains to the various
permutationsofresearchdesignsthatcanbeoperationalised.Thefirstdesignisamulti-concern,
single-stakeholderperspectivedenotedby the letterA.Thesecondresearchdesignencompasses
asingle-concern,multi-stakeholderperspectivedenotedbytheletterB.Thefinalresearchdesign
representsasingle-concern,single-stakeholderperspectivestudydenotedbytheletterC.Giventhe
siloednatureoftheextantpersonalanalyticsresearchinconjunctionwiththedearthofresearchin
thecontextofenterprisepersonalanalytics,weencouragefutureresearchtopopulateeachofthe
cellswithinthisgridframework.Thiswillfacilitatethecategorizationoffutureresearchenterprise
personalanalyticsstudieswithintheISdiscipline.Toassisttheprocesswehavedevisedanumber
researchquestions(seeTable2)whichweareoftheopinionmeritfurtherscrutiny.

Fromapractitionerperspective,wehavealsodevisedavisualmappingartefact(Figure3)which
wehavecoinedasthe“enterprisepersonalanalyticsmetromap”whichcouldbeusedbycompanies
toplanandmaptheirenterprisepersonalanalyticsdigitaltransformationjourneys.Thismetromap
depictspossiblejourneypathwayswhichcompaniesmustnavigate.Forillustrationpurposeswehave
completedthejourneyfortheIISarchitectureconcernraisedinthispaper.Thisspecificjourney
whichcomprisespossible‘routestops’whichmustbeconsideredbyorganizations.Weencourage
futureresearchtonotonlyidentifythese‘routestops’fortheotherconcernsaddressedinthispaper
fromaqualitativeperspectivebutalsofromaquantitativeperspectivetoidentifyiftherearespecific
pathsonthemetromapwhichtraverseeachroutestoponceandonlyonce.Ifso,thispathiscalled
an‘Eulercircuit’(Euler,1741)atermderivedfromthefamousKonigsbergbridgeproblem.
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6. CoNCLUSIoN

Wehavepresentedanenterprisepersonalanalyticsframeworkcomprisingfivespecificconcernsin
thecontextofseveralperspectives.Theseconcernsmayrepresentthegreatesthurdlesinthebroader
adoption of the self-analysis culture and practices within an enterprise setting. Our framework
encouragesa systematic focusandstrives foracommonunderstandingof the roleof individual
personalanalyticswithin theenterprise.The following limitationsshouldbekept inmindwhen
consideringthefindingsofthispaper.Personalanalyticsasanacademictopicofstudyisrelatively
young,andtherearefewwell-establishedtheoreticalframeworksorunifieddiscourses.Whileitis
feltthatthesampleofpublicationsisrepresentativeofthepersonalanalyticsliterature,theremaybe
somebiasassociatedwiththenarrowfocusoftheresearchresourcesunderreview.Insummary,this
paperoffersthefollowingcontributionstotheemergingISandbusinessintelligenceliteratureon
personalanalyticsanditspotentialuseinanenterprisesetting:(1)itdiscussesimportantanalytical
developmentswhichhaveshapedtheemergenceoftheenterpriseanalyticsconcept,(2)itprovidesa
holisticframeworkwhichaimsatsynthesisingandadvocatingfutureresearchinthepromisingarea
ofenterprisepersonalanalytics,(3)itidentifiespossibleresearchquestionsaimedathighlighting
howtheframeworkcanbeusedand(4)itprovidesanoverviewofaproposedvisualmappingartefact
aimedatassistingcompanieswiththeirenterprisepersonalanalyticsdigitaltransformationjourneys.

Figure 3. Enterprise personal analytics metro map
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